Since social network sites (SNS), such as Facebook, have become a major part of many people's daily media diet, media psychologists have become interested in whether and how the use of SNS affects well-being (see [@c2]; [@c7]; [@c48]). One variable that has been considered as crucial for psychosocial well-being for decades ([@c12]), and is also relevant in the context of SNS use, is social support. A dominant line of argumentation is that SNS use contributes to well-being because it increases social capital and, in turn, social support (e.g., [@c6], [@c7]; [@c18]; [@c48]). A recent narrative review of research on SNS and social support ([@c33]) found that the majority of studies in this area either described how people use SNS for social support or how SNS use affects various indicators of well-being via perceptions of received social support. However, the exact nature of the relationship between SNS use, social support, and well-being is still somewhat unclear because most studies are cross-sectional and/or focus only on two of these three constructs ([@c42]; [@c48]). [@c48] specifically identified a lack of longitudinal studies and a predominant focus on adolescents and young adults as major limitations in this area.

The present paper aims to address these limitations. We present data from six waves of a longitudinal study with a representative sample of Dutch online users in which we assessed SNS use, online social support (i.e., social support received via any means of online communication), life satisfaction, and stress as indicators of well-being. The data allow us to look at the potential effects of SNS use on well-being from two perspectives. First, we can assess the global effects of SNS use by comparing users and nonusers of SNS in our representative sample. Second, for the users of SNS, we can simultaneously explore the concurrent and longitudinal relationships between SNS use, social support, and indicators of well-being. Cross-lagged panel models allow us to examine which concurrent associations still hold when controlling for autoregressive effects, and whether some relationships evolve over time. Having six waves also allows us to investigate more complex patterns of growth and change that require more than two measurement points ([@c39]).

Theoretical Background {#S2}
======================

Social support has been defined as "an interpersonal transaction involving one or more of the following: (1) emotional concern (liking, love, empathy), (2) instrumental aid (goods or services), (3) information (about the environment), or (4) appraisal (information relevant to self-evaluation)" ([@c23]). Often, a distinction is made between structural and functional aspects ([@c40]; [@c43]). Structural aspects refer to the size and structure of a person's network, such as, for example, the number of strong versus weak ties. Functional aspects refer to the distinction between perceived versus received/enacted social support and various types of social support, such as emotional, informational, or esteem support ([@c33]; [@c38]).

Social support needs to be differentiated from social capital. Social capital refers to the resources from one's social network ([@c28]) and originated in sociological research, whereas social support is a psychological construct. [@c1] suggest to clearly distinguish between the source and the effects of social capital. The source is "the structure and content of the actor's social relations", whereas the effects are "the information, influence, and solidarity it makes available to the actor" (p. 23). Accordingly, social support is a possible effect of social capital.

SNS Use and Social Support {#SS1-1}
--------------------------

The functionalities of SNS play a key role in the relationship between SNS use and social support. According to [@c16], SNS are web-based platforms:

> In which participants (1) have uniquely identifiable profiles that consist of user-supplied content, content provided by other users, and/or system-provided data; (2) can publicly articulate connections that can be viewed and traversed by others; and (3) can consume, produce, and/or interact with streams of user-generated content provided by their connections on the site. (p. 158)

SNS provide a low-cost way of maintaining relationships ([@c19]): People are quickly friended, users can easily inform large parts of their network with one status update using the broadcasting feature, and there are "light-weight" means of showing affection, such as the like button ([@c8]). Hence, it has often been proposed that SNS help maintain relationships and build social capital ([@c6]; [@c17]; [@c45]) and can, thus, increase social support and, ultimately, well-being ([@c7]; [@c34]; [@c48]). In line with this argument, [@c5] found that SNS users reported more face-to-face interactions, acquaintances, and bridging capital than nonusers did. In a similar vein, we expect that SNS users report higher levels of online social support than nonusers do. We focus on online social support in general, not only on social support received via the SNS, to be able to compare users and nonusers of SNS on the same measure.

SNS users report higher levels of online social support than do nonusers of SNS.

Prior research has shown that it matters how people use SNS. Several studies have shown that self-disclosure about one's needs, especially so-called mobilization requests (i.e., posts in which users ask their network for recommendations or advice), are effective strategies for eliciting social support via SNS ([@c19]; [@c49]). A recent meta-analysis on SNS use and social capital also found that information seeking was related to larger social capital ([@c30]). We therefore expected that within the group of SNS users, asking for advice on SNS is positively related to higher online social support within the same wave:

Asking for advice on SNS is positively related to online social support in the same wave.

With regard to the structural aspects of social support, the network composition should matter. When it comes to emotional support, strong ties have been considered more useful than weak ties ([@c50]). Although it has been argued that weak ties are more relevant when it comes to informational support ([@c22]), recent studies found that on SNS strong ties are generally more useful, even for informational support ([@c24]; [@c44]). In addition, a study by [@c8] found that people also perceive the reactions from strong ties on SNS as more supportive. We therefore expected that more strong ties on SNS are positively related to online social support:

The number of strong SNS ties is positively related to social support in the same wave.

SNS Use, Social Support, and Well-Being {#SS1-2}
---------------------------------------

Well-being is an umbrella concept that covers cognitive and affective aspects of the evaluation of one's life ([@c13]). It is often measured by a combination of several indicators, such as life satisfaction, affect, depression, or stress ([@c2]). [@c48] report that the type of SNS use determines whether SNS use increases or decreases well-being. Passive use decreases well-being through processes like unfavorable social comparisons or envy ([@c25]; [@c26]; [@c47]), whereas active use increases well-being through increased social capital and receiving social support ([@c48]). Because we do not know whether the majority in our representative sample uses Facebook actively or passively, we do not know whether the users on average report lower or higher well-being than the nonusers. We therefore formulated an open research question for the comparison of users and nonusers on our well-being indicators stress and life-satisfaction:

Do SNS users differ from nonusers with regard to life satisfaction and stress?

As [@c42] state, many studies have either examined associations between media use and social capital/support or the associations between social support and well-being. Most of these studies have also been correlational, so the direction of the effects is unclear. [@c42] present several models of possible causal directions. Media use might increase social capital and, in turn, social support, which leads to an increase in well-being. It could, however, also be that people with more social capital are more likely to use (social) media, which, then, results in higher levels of social support and well-being. This would be a rich-get-richer effect. Notably, both models assume an indirect effect of media use on well-being via social support. A poor-get-richer effect is also possible, such that people with lower well-being levels use media to receive social support. In this model, (low) well-being would be the cause and not the final outcome.

The empirical evidence for these models is scarce because most (longitudinal) studies only examined a subset of these variables. [@c14] found a positive effect of frequency of SNS use on life satisfaction 6 months later, but no effect on loneliness. [@c36] found that authenticity of self-presentation on SNS positively affected well-being, but the reverse paths were also significant, indicating that a third variable might influence both variables.

Whether social support mediates the relationship between SNS use and well-being has rarely been tested previously. In a cross-sectional study among adolescents, [@c20] found that active Facebook use predicted increased social support, which was related to lower levels of depression, at least for females. In a two-wave panel study, the same authors ([@c21]) found a negative effect of active Facebook use on depression via social support, when positivity of the received feedback on public posts was added post hoc to the model. Accordingly, there are some indications for an indirect effect of active SNS use on well-being via social support. By contrast, the poor-get-richer model ([@c42]) would assume that (decreased) well-being is the cause for, rather than the consequence of, receiving social support. A combination of these models is also possible, such that lower well-being results in more frequent asking for advice on SNS, which then results in higher online social support and, ultimately, increased well-being. Our six-wave longitudinal study allows us to test such longitudinal relationships between active SNS use, online social support, and well-being. With regard to actively asking for advice on SNS, we wanted to answer the following general research question:

What are the longitudinal relationships between asking for advice, online social support, stress, and life satisfaction?

In addition to asking for advice, we also wanted to examine the structural aspects (e.g., the role of strong ties) on social support and well-being. In a cross-sectional study, [@c34] found that the number of Facebook friends correlates positively with perceived social support, with the latter also being positively related to well-being. [@c7] combined logged Facebook activity with panel data and found that receiving composed communication from strong ties was related to increased well-being. While this study did not consider the potential mediating role of social support, it does suggest that the number of strong ties on SNS is positively related to well-being. Notably, none of the previous studies tested the alternative model, which proposes that (decreased) well-being is the driving force behind creating a network of strong ties on SNS. Our final research question seeks to explore the possible longitudinal relationships between strong SNS ties as a structural component, social support, and our well-being indicators:

What are the longitudinal relationships between number of strong ties, online social support, stress, and life satisfaction?

Method {#S3}
======

Participants and Procedure {#SS1-3}
--------------------------

We used six waves of an online panel study of Dutch Internet users. The first wave in the fall of 2013 included a total of 3,367 respondents who were representative of Dutch Internet users in terms of gender, age, education, and place of living (urban vs. rural). A professional market research institute recruited the participants and administered the online surveys. Panel members received points for completing surveys; they could exchange these for vouchers at several large retailers or donate them. The time interval between each of the following waves was 6 months with an average attrition rate of 16.92%, resulting in a sample of *N* = 1,330 in Wave 6. On average across all waves, 71.04% of the respondents reported that they use an SNS for primarily private purposes (i.e., not exclusively or primarily for professional/job-related purposes). Unsurprisingly, the most commonly used SNS was Facebook with an average share of 91.07% across all six waves among those who reported to use an SNS for (primarily) private purposes. Detailed information about the sample composition and attrition rates can be found in [Table 1](#tbl1){#tbc1-1 ref-type="table"}.

###### Sample description of the panel waves (*N* and percentages)

![](zmp_29_3_115_tbl1a){#tbl1a}

                                          Wave 1   Wave 2   Wave 3   Wave 4   Wave 5   Wave 6
  --------------------------------------- -------- -------- -------- -------- -------- --------
  Sample size                             3,367    2,678    2,273    1,953    1,627    1,330
  Attrition rate (%)                      --       20.46    15.12    14.08    16.69    18.25
  Female (%)                              49.36    48.73    48.22    47.98    47.02    46.69
  Users of SNS for private purposes (%)   71.43    72.78    71.84    70.30    70.13    69.77
  Age 18--29 (%)                          18.03    15.24    13.68    11.27    9.04     8.50
  Age 30--39 (%)                          15.36    15.53    15.26    14.80    13.52    12.56
  Age 40--49 (%)                          19.22    19.34    18.79    18.08    17.58    16.69
  Age 50--65 (%)                          26.37    26.89    27.76    29.03    29.32    29.70
  Age 65+ (%)                             21.03    22.97    24.51    26.83    30.55    32.56

Measures {#SS1-4}
--------

### SNS Use {#SS2-1}

Respondents were first asked whether they have a profile on a SNS that they use (mainly) for private purposes. If they indicated that they did, they were asked which SNS they use primarily.

### Asking for Advice {#SS2-2}

Respondents indicated how often they ask for advice in personal matters when posting on their preferred SNS (1 = *never* to 5 = *very often*).

### Number of Strong Ties {#SS2-3}

Respondents first indicated the total number of contacts they have on the SNS and subsequently estimated how many of those were strong or weak ties. Examples were given (strong ties: "e.g., partner, family, close friends"; weak ties: "e.g., colleagues, teammates, neighbors"). Respondents were told that it would be helpful to open their SNS profile in a separate browser tab to answer these questions and either entered an absolute number or a percentage. Percentages were later converted into absolute numbers. We only used the number of strong ties.

### Social Support {#SS2-4}

We adapted items from the UCLA social support inventory ([@c15]) to assess online social support. We dropped the item on tangible support because tangible support is difficult to provide in online environments. Respondents indicated how often in the last month they had (a) received information or advice, (b) been bolstered up or had their self-esteem restored, and (c) been listened to carefully and felt understood. In the original version, respondents indicated how often they received the respective types of support from friends, relatives, their partner, or groups/organizations on 5-point scales ranging from 1 = *never* to 5 = *very often*. We asked whether they received these types of support from (a) a good friend or family member -- offline, (b) a good friend or family member -- online, (3) an acquaintance -- offline, (4) an acquaintance -- online, or (5) somebody they only interact with online. Exploratory factor analyses of the received support items revealed a two-factor solution with offline contacts loading on one factor and online contacts loading on the other factor. The answers for the three types of offline and online contacts were combined into a mean score for each type of social support (Cronbach's α Wave 1 = .89 for online support, α = .83 for offline social support; see Electronic Supplementary Material, ESM 1 for alpha values in other waves).

In addition to the questions about received support, people indicated how satisfied they were on average with the three types of support (collapsed across the online and offline sources; Cronbach's α = .82 in Wave 1).

### Stress {#SS2-5}

Stress was measured using four items from the Perceived Stress Scale by [@c11]. The options for answers ranged from 1 = *never* to 5 = *very often*. We chose not to include one item that showed an unsatisfactory loading of .28 in a confirmatory factor analysis and was only weakly correlated with the other variables in wave 1 (all *r* \< .3). The items we used were:1."How often have you been upset because of something that happened unexpectedly?"2."How often have you felt that you were unable to control the important things in your life?"3."How often have you felt nervous and 'stressed'?"

Respondents were instructed to answer these questions with regard to the last 6 months. Cronbach's α in Wave 1 was .82.

### Life Satisfaction {#SS2-6}

Overall satisfaction with life was assessed via one item adapted from the Manchester Short Assessment of Quality of Life Scale ([@c35]). Respondents were asked, "How satisfied are you with your life as a whole?" and could provide an answer on a scale from 1 = *very unsatisfied* to 7 = *very satisfied*.

Data Analysis {#SS1-5}
-------------

We tested the mean differences in online social support, stress, and life satisfaction between SNS users and nonusers in a series of independent-samples Welch's *t* tests because (a) the group sizes were unequal and (b) Levene's test suggested that homogeneity of variances could not be assumed in most cases ([@c27]).

To investigate the cross-sectional and longitudinal relationships between SNS use, online social support, and our indicators of well-being (stress and life satisfaction) more closely, we estimated cross-lagged structural equation models (SEM)[^1^](#fn1){ref-type="fn"} using the *lavaan* package ([@c37]) for R. Since the strong tie variable was heavily skewed and kurtotic and the estimation procedure for structural equation modeling fails if the variance of one of the variables exceeds that of the others by a factor of 1,000 or more, we log-transformed this variable using the formula ln(x + 1).[^2^](#fn2){ref-type="fn"} For the longitudinal models, we included only those who participated in all waves and consistently reported that they use SNS for private purposes (*N* = 624, 49.2% female).[^3^](#fn3){ref-type="fn"} Missing data were handled using the full information maximum likelihood procedure (FIML). Invariance tests for the latent variables online social support and stress suggested metric invariance over time; indicated by nonsignificant chi-square difference tests and changes in CFI ≤ .002 as recommended by [@c31]. Hence, all factor loadings for the latent variables were constrained to be equal over time in all models. The error variances of the indicators were allowed to covary across all waves.

Results {#S4}
=======

Mean Differences Between SNS Users and Nonusers {#SS1-6}
-----------------------------------------------

As can be seen in [Table 2](#tbl2){#tbc2-1 ref-type="table"} and in line with H1, SNS users reported significantly more online social support than did SNS nonusers in all waves. With regard to RQ1, we found that SNS users reported more stress than nonusers (see [Table 3](#tbl3){#tbc3-1 ref-type="table"}), but did not differ in general life satisfaction from nonusers (see [Table 4](#tbl4){#tbc4-1 ref-type="table"}). The effect of SNS use (as a dichotomous variable) was somewhat larger for social support than for stress, but generally both effects were small. Notably, the means for online social support, stress, and life satisfaction were quite stable across all waves for both groups.

###### Differences in online social support between users and nonusers of SNS

![](zmp_29_3_115_tbl2a){#tbl2a}

           *N*~*Users*~   *M*~*Users*~   *SD*~*Users*~   *N*~*Nonusers*~   *M*~*Nonusers*~   *SD*~*Nonusers*~   *t*     *df*       *p*       Cohen's *d*
  -------- -------------- -------------- --------------- ----------------- ----------------- ------------------ ------- ---------- --------- -------------
  Wave 1   2,405          2.15           0.86            962               1.77              0.84               11.86   1,792.73   \< .001   0.45
  Wave 2   1,949          2.11           0.86            728               1.74              0.82               10.35   1,357.82   \< .001   0.44
  Wave 3   1,633          2.10           0.87            640               1.85              0.82               6.28    1,231.89   \< .001   0.29
  Wave 4   1,373          2.08           0.86            580               1.93              0.85               3.47    1,095.31   \< .001   0.29
  Wave 5   1,141          2.05           0.86            486               1.89              0.87               3.28    907.40     .001      0.18
  Wave 6   928            2.04           0.84            402               1.87              0.86               3.35    745.64     \< .001   0.20

###### Differences in stress between users and nonusers of SNS

![](zmp_29_3_115_tbl3a){#tbl3a}

           *N*~*Users*~   *M*~*Users*~   *SD*~*Users*~   *N*~*Nonusers*~   *M*~*Nonusers*~   *SD*~*Nonusers*~   *t*    *df*       *p*       Cohen's *d*
  -------- -------------- -------------- --------------- ----------------- ----------------- ------------------ ------ ---------- --------- -------------
  Wave 1   2,405          2.69           0.95            962               2.42              0.97               7.43   1,727.61   \< .001   0.29
  Wave 2   1,949          2.65           0.94            728               2.39              0.95               6.24   1,287.91   \< .001   0.27
  Wave 3   1,633          2.60           0.90            640               2.33              0.91               6.36   1,157.95   \< .001   0.30
  Wave 4   1,373          2.53           0.95            580               2.35              0.87               4.20   1,173.01   \< .001   0.23
  Wave 5   1,141          2.43           0.94            486               2.3               0.92               2.59   935.91     .01       0.14
  Wave 6   928            2.48           0.92            402               2.35              0.93               2.50   758.73     .013      0.15

###### Differences in life satisfaction between users and nonusers of SNS

![](zmp_29_3_115_tbl4a){#tbl4a}

           *N*~*Users*~   *M*~*Users*~   *SD*~*Users*~   *N*~*Nonusers*~   *M*~*Nonusers*~   *SD*~*Nonusers*~   *t*    *df*       *p*    Cohen's *d*
  -------- -------------- -------------- --------------- ----------------- ----------------- ------------------ ------ ---------- ------ -------------
  Wave 1   2,405          5.20           1.14            962               5.20              1.20               0.12   1,702.91   .90    .00
  Wave 2   1,949          5.21           1.17            728               5.18              1.27               0.59   1,214.16   .553   0.03
  Wave 3   1,633          5.20           1.15            640               5.18              1.21               0.38   1,112.95   .706   0.02
  Wave 4   1,373          5.24           1.17            580               5.27              1.16               0.54   1,096.80   .591   0.00
  Wave 5   1,141          5.33           1.14            486               5.30              1.11               0.44   940.79     .662   0.02
  Wave 6   928            5.23           1.15            402               5.36              1.12               1.99   781.46     .047   0.12

Asking for Advice, Online Social Support, and Well-Being {#SS1-7}
--------------------------------------------------------

To test H2 and RQ2, our first cross-lagged model examined cross-sectional and longitudinal associations between the well-being indicators, life satisfaction and stress, and asking for advice on SNS and online social support. The results of this model are shown in [Figure 1](#fig1){#fgc1-1 ref-type="fig"}. For the sake of readability, only the significant paths with coefficients ≥ \|.1\| are displayed.[^4^](#fn4){ref-type="fn"}

![Cross-sectional and longitudinal relationships between asking for advice on SNS, social support online, life satisfaction, and stress. Standardized coefficients, \**p* ≤ .05, \*\**p* ≤ .01, \*\*\**p* ≤ .001, ML estimation, χ^2^(*df* = 906, *N* = 624) = 2,334.45, *p* \< .001, CFI = .93, TLI = .92, RMSEA = .05. Only significant associations ≥ \|.1\| displayed here.](zmp_29_3_115_fig1a){#fig1}

The fit of this model was good (CFI = .93, TLI = .92, RMSEA = .05)[^5^](#fn5){ref-type="fn"} according to the rules-of-thumb proposed by [@c29]. As predicted in H2, there were consistent positive cross-sectional relationships between asking for advice on SNS and online social support. With regard to RQ2, we found that online social support positively predicted the frequency of asking for advice on SNS in the consecutive wave across all waves. The opposite cross-lagged paths from asking for advice to online social support were only evident from Waves 3 to 4 and 5 to 6. Stress at time *t* negatively predicted life satisfaction at time *t* + 1 across all waves. The complementing paths from life satisfaction to stress could be found for four out of five instances. There were no longitudinal relationships between online social support and life satisfaction or stress. As online social support was not predictive of either life satisfaction or stress, it also did not mediate the paths from asking for advice on SNS to the well-being indicators. The only direct longitudinal relationship between asking for advice and our well-being indicators was that asking for advice in Wave 2 positively predicted stress in Wave 3 (*β* = .11, *p* = .003).

On the cross-sectional level, there were significant positive associations between online social support and stress in five of the six waves and significant negative associations between life satisfaction and stress in all six waves.

Strong Ties, Online Social Support, and Well-Being {#SS1-8}
--------------------------------------------------

In Model 2, we replaced asking for advice with the number of strong SNS ties to test H3 and answer RQ3. [Figure 2](#fig2){#fgc2-1 ref-type="fig"} shows the results of this model (again, only the significant paths with coefficients ≥ \|.1\|).

![Cross-sectional and longitudinal relationships between strong SNS ties, social support online, life satisfaction, and stress. Standardized coefficients, \**p* ≤ .05, \*\**p* ≤ .01, \*\*\**p* ≤ .001, ML estimation, χ^2^(*df* = 906, *N* = 624) = 2,429.96, *p* \< .001, CFI = .93, TLI = .91, RMSEA = .05. Only significant associations ≥ \|.1\| displayed here.](zmp_29_3_115_fig2a){#fig2}

The model fits the data well (CFI = .93, TLI = .91, RMSEA = .05). The number of strong SNS ties was only positively related to online social support (*r* = .19, *p* \< .001) in Wave 1. Hence, our data do not support H3. On the longitudinal level (RQ3), life satisfaction in Wave 2 positively predicted the number of strong SNS ties in Wave 3 (*β* = .11, *p* = .002) and the number of strong SNS ties in Wave 3 positively predicted online social support in Wave 4 (*β* = .1, *p* = .005). The only other significant cross-sectional relationship, besides those between stress and social support already found in the first model, was the one between the number of strong ties and life satisfaction in Wave 1 (*r* = .11, *p* = .007). In sum, our second model provides no evidence for (consistent) relationships between the number of strong SNS ties on the one hand and online social support and well-being (stress and life satisfaction) on the other hand.

Discussion {#S5}
==========

Using six waves of a large online panel study of Internet users in The Netherlands, we investigated the relationships between SNS use, online social support, stress, and life satisfaction. In a first step, we found that SNS users consistently reported higher levels of online social support than nonusers across all waves. Within the group of SNS users, we found that actively asking for advice on SNS plays a central part in this process, whereas the number of strong SNS ties showed no influence on social support or the two well-being indicators. Higher levels of online social support did not result in lower stress nor higher life satisfaction 6 months later; instead, more stress and, to some degree, also lower life satisfaction seemed to trigger asking for advice. Additionally, our models provide evidence for a reinforcing spiral between stress and life satisfaction.

Our results have several implications, both for research concerning the effects of SNS use on social support, as well as for research on (online) social support and well-being. The results of our first longitudinal model showed that people do receive online social support when they ask for advice on SNS and that they tend to ask again if they have previously received social support online. Asking for advice has already been identified as a potentially relevant mechanism in a qualitative study ([@c49]) and our large-scale quantitative study confirms the importance of actively asking for advice among one's SNS contacts. The stronger cross-sectional associations indicate that the connection between asking for advice and receiving support is typically more of a short-term process (i.e., SNS users usually receive responses within a few days or even the same day they ask). The longitudinal paths from online social support to the frequency of asking for advice are indicative of a reinforcement or learning process.

Interestingly, with regard to the structural perspective, we found that the number of strong ties on SNS was not associated with online social support, stress, or life satisfaction. [@c7], however, reported positive effects of composed targeted communication on well-being for strong ties. It could be that tie strength mainly matters for targeted communication (private messages), but is less important for (semi-)public broadcasts, where the distinction between strong and weak ties easily becomes blurred since everybody is a "friend" on Facebook. Another explanation for this unexpected finding might be that our measure for network composition was too broad. [@c7] had access to log data and inferred tie strength for every single tie based on a machine-learning model. We only asked respondents to roughly judge how many of their SNS friends are strong (or weak) ties. More fine-grained and objective (in the sense of not self-reported) measures of network structure (e.g., density, brokerage) might be better predictors of social support ([@c32]).

Our results also provide some answers to the question of whether there are direct or indirect effects of SNS use on well-being. We did not find consistent direct longitudinal relationships between asking for advice/number of strong ties and stress and life satisfaction. Instead, there were two significant negative longitudinal paths from satisfaction with life to asking for advice 6 months later, indicating that people who are less satisfied with their life are more likely to ask for advice on the SNS they use. Higher stress levels were also consistently related to asking for advice more in the same wave. Both findings generally support the poor-get-richer model. Individuals with lower well-being are more likely to turn to SNS for social support. However, these people only get "richer" in online social support, while the received social support did not decrease stress or increase life satisfaction over time. Accordingly, we also found no indirect effects of SNS use on well-being via social support.

There are several possible explanations why we did not find relationships between online social support and our well-being indicators (life satisfaction and stress). Firstly, examining the relationship with stress specifically, prior studies found both positive and negative relationships between stress and social support (see [@c3], for a summary of the various models). Stress could trigger support-seeking and, in turn, social support, resulting in a positive relationship. However, it could also be that social support reduces stress, resulting in a negative association. Our positive concurrent associations support the first interpretation. For some participants, receiving support might have decreased stress subsequently, whereas for others, the stressful period continued or got worse (e.g., due to a severe illness), resulting in even more social support. This might explain why the longitudinal paths from online social support to stress in the subsequent period were, on average, statistically indistinguishable from zero.

Second, regarding the relationship between online social support and well-being, our results are in line with several previous studies that also found no or only weak relationships between received social support and different indicators of well-being ([@c41]; [@c42]; [@c46]). Although a meta-analysis by [@c9] found a moderate effect of received social support on well-being, research in offline contexts has also demonstrated that perceived social support (i.e., the quality) shows higher correlations with well-being than received support (i.e., the quantity; see, e.g., [@c51]). The differences in the effects of perceived and received support might be due to some types of social support being less appropriate for a problem than others (Batenburg & [@c4]; [@c42]) and that quality of support is more important than quantity. In this paper we chose to focus on received social support, because perceived social support has been found to be relatively stable and almost trait-like ([@c42]). As we were interested in the effects of SNS use on social support, we opted to use a more volatile construct in this paper (i.e., the quantity of received support). Finally, it could also be that online support is less strongly related to well-being than offline support is ([@c41]).

As explained in the method section, our adapted version of the UCLA scale also contained offline social support and satisfaction with social support (collapsed across online and offline support). While this was not the focus of our study, it allowed us to estimate two additional models to test the two explanations outlined earlier. To do so, we exploratively examined the importance of offline support and the perceived quality of social support (across all modalities).[^6^](#fn6){ref-type="fn"} For three waves, we found significant positive associations between offline social support and subsequent life satisfaction. However, none of these effects were larger than .1. [@c41] also found that offline support showed higher (also still weak) correlations with life satisfaction than online support; we demonstrated this pattern for longitudinal effects. However, offline social support also positively predicted stress in two out of five waves, suggesting that received offline social support is also not consistently related to increased well-being.

Satisfaction with received social support (online + offline) and life satisfaction, on the other hand, reinforced each other positively over time, indicating that the quality of received social support is, indeed, more relevant than the quantity -- at least when it comes to life satisfaction. However, satisfaction with social support negatively predicted stress only from Wave 1 to Wave 2. The argument that quality of received social support is more important than quantity, hence, only holds true for life satisfaction in our sample.

Of course, our study had several limitations that need to be taken into account when interpreting its results. First of all, as the data come from a larger study that covered a variety of topics we often had to use short or abbreviated scales. In addition, the time lag of 6 months between waves was not chosen to specifically investigate the potential effects of SNS use on stress and life satisfaction. It may well be that 6 months is not enough to monitor changes in more trait-like measures such as overall satisfaction with life. Also, the fit of our models was good, but not excellent. A strength of our study is the largely representative sample of Dutch Internet users (also including people who do not use SNS) and the longitudinal design across six waves that allows to investigate more complex relationships between variables, such as, for example, reinforcing spirals.

This design and the large and representative sample allowed us to gain several interesting insights. First, our study suggests that SNS use, on a general level, has at best limited impact on the indicators of well-being that we looked at -- stress and satisfaction with life. It is highly likely that other factors, such as work, health, or a stable relationship, are much stronger predictors of stress and life satisfaction than is SNS use. Second, our investigation of the underlying processes revealed that it is not a user's number of strong SNS ties, but rather very specific activities, such as explicitly asking for advice, that help people gain social support via SNS. In sum, our findings indicate that SNS use only increases (online) support when users actively reap the benefits of the SNS by asking others, while it does not affect stress or life satisfaction. By contrast, offline social support has more power to directly influence life satisfaction. Future research can build on these results and further examine potential moderators of the relationship between online social support and well-being, such as negative life events, or other indicators of well-being.
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    Descriptives and additional analyses (offline social support, satisfaction with support).

The research leading to these results has received funding from the European Research Council under the European Union's Seventh Framework Programme (FP7/2007-2013)/ERC grant agreement n^o^ 312420.

We opted for cross-lagged SEMs to test both direct and indirect effects and to control for measurement error as well as autoregressive paths.

This formula was used to avoid missing values for people who reported zero strong ties.

A table with descriptive statistics and Cronbach's α values for all variables of interest for the sample we used for our longitudinal models can be found in ESM 1.

We will limit our reporting and interpretation of relationships between variables to statistically significant paths with coefficients ≥ \|.1\| as this constitutes the threshold for a small effect according to [@c10].

We refrained from using the SRMR for evaluating model fit, as [@c29] noted that this particular fit index has "not been well evaluated for longitudinal models in any systematic way" (p. 112).

We provide the detailed results of these additional analyses in ESM 1.
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